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Measures Conference
March 12, 2026

WIFI: MIT GUEST

The event begins at 3:00 pm  Subscribe to 

our newsletter



Agenda 

Time Session
2:30 pm – 3:00 pm Registration
3:00 pm – 3:15 pm Welcome
3:15 pm – 4:45 pm Training: Principles of Causal School Quality 

Measurement
4:45 pm – 5:00 pm Break
5:00 pm – 6:00 pm The Current Policy Landscape Surrounding School 

Quality Measurement
6:00 pm – 7:30 pm Dinner
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Welcome
Parag Pathak

Class of 1922 Professor of Economics, MIT

Faculty Director, MIT Blueprint Labs



Blueprint Labs is a non-partisan research lab based at MIT with affiliates at 
universities and institutions around the world.
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The MIT Blueprint Labs Education Team conducts rigorous, policy-relevant 
education research. We aim to help policymakers design more equitable 
education systems and improve student outcomes.

Education  Health Care Workforce



Through our large network of partners, we are committed to conducting 
policy-relevant research.
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Research Policy Impact

Partners

                              



Our research-policy partnerships combine Blueprint’s research expertise 
with our partners’ policy influence to create impact. 

Blueprint
Contributes research 

expertise and 
computing power

Partner
Contributes 

important questions 
and data

Partnership
Co-design research 

agenda; produce 
publications 

(technical + policy)

Impact
Research informs 

policy, and
practitioners inform 

research agendas
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Conference goals
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Foster a strong 
network of 

professionals

Create more equitable and fair 
school quality measures

Increase knowledge 
of research and 
best practices

Strengthen relationships 
between researchers & 

practitioners



Event agenda
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Time Session

8:00 – 9:00 am Breakfast

9:00 – 9:15 am Welcome and Recap of Day 1

9:15 – 10:30 am Moving Beyond Test Scores: The 
Role of Surveys and More, Peter Hull, 
Fatima Djalalova, and Chris Wohn

11:00 am – 12:00 pm Communicating Multiple Measures 
of School Quality,
Kevin Shallcross and Pamela Wong

12:00 – 1:15 pm Lunch

1:15 – 2:15 pm Involving Communities and Families 
in School Quality Measurement, 
Chris Campos

2:15 – 2:45 pm Closing Plenary: Next Steps and 
Collaboration Opportunities

Time Session

3:00 – 3:15 pm Welcome & Opening Remarks

3:15 – 4:45 pm Principles of Causal School 
Quality Measurement, 
Josh Angrist and Eric Ashton

5:00 – 6:00 pm The Current Policy Landscape 
Surrounding School Quality 
Measurement, 
Jennifer Bell-Ellwanger, Pedro 
Martinez, Brandee Tate, and 
Dan Weisberg

6:00 pm Dinner Reception
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Training: Principles of 
Causal School Quality 
Measurement
Josh Angrist

Ford Professor of Economics, MIT

Faculty Director, MIT Blueprint Labs

Eric Ashton

Executive Director for School Performance
New York City Public Schools
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Quantifying School Quality
Josh Angrist, MIT Blueprint Labs Director

March 12, 2026
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Agenda

1. Blueprint’s approach to quality measurement

2. Race and the mismeasure of school quality
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15 Years of High Quality Research

Blueprint research on school quality measurement using admissions lotteries and
other quasi-experimental research designs

Supports hands-on help for schools and districts that aim to improve
accountability systems and deploy new measures

School Quality Measures Conference, 2022
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School Quality is a Causal Effect

School quality is relative, the difference between what a given student learns at one
school versus what this student would learn elsewhere

School quality: the causal effect of attending a particular school on 
student achievement or other outcomes

High-quality schools boost achievement for students of a given 
background and preparation level

Blueprint’s Definition of School Quality
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High-quality schools boost achievement and other outcomes for
students of a given background and preparation level
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Selection Bias Bewitches Us

Selection bias: Differences in outcomes due to students’ background, motivation, or
ability – not caused by schools but strongly correlated with the school attended even so

Selection Bias Bewitches Us

Selection bias: differences in outcomes due to students’ background, 
motivation, or ability – not caused by schools but strongly correlated with the 
school attended even so

Schools may appear
more or less effective 

because of the types of 
students they enroll, 

rather than their quality

School
A

School
B

Rating: 

Rating: 

6
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The Blueprint Secret Sauce

We tackle selection bias using:

• Random assignment, as in our studies of charter schools and traditional public
schools in districts like Boston, Chicago, and New Orleans that use centralized
assignment with lotteries

• Quasi-experimental regression discontinuity designs, as in our studies of
Boston and New York exam schools, New York’s many screened schools, and
Chicago’s selective enrollment high schools that admit students whose entrance
exam scores clear a cutoff

6 / 30

https://blueprintlabs.mit.edu/research/do-elite-exam-schools-add-value/


Escaping the Elite Illusion in Boston

Baseline Peer Quality, Boston Exam School ApplicantsTHE ELITE ILLUSION 151

(a) Baseline peer math score at Boston exam schools for 7th and 9th grade applicants

FIGURE 2.—This figure shows average baseline peer math scores (a) and proportion of peers
that are black or Hispanic (b) among 7th and 9th grade applicants to Boston exam schools, plotted
against school-specific standardized running variables.

teachers tend to be older than regular public school teachers, as can be seen at
the O’Bryant cutoff, but teacher age changes little at the Latin Academy and
Latin School cutoffs.

The large and systematic changes in peer composition at each cutoff and
entry grade motivate our focus on peers as the primary mediator of the exam
school treatment. Before turning to a 2SLS analysis that treats peer composi-
tion as the primary causal channel for exam school effects, however, we begin
with reduced-form estimates.

4. REDUCED-FORM ACHIEVEMENT EFFECTS

4.1. Boston Estimates

We constructed parametric and nonparametric RD estimates of the effect of
an exam school offer using the standardized composite rank (3.1) as the run-
ning variable. We refer to this initial set of estimates as “reduced form” because
these estimates capture the overall effect of an exam school offer, without ad-
justing for the relationship between offers and mediating variables. As noted in
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Math Scores, Boston Exam School ApplicantsTHE ELITE ILLUSION 157

(a) 10th grade math at Boston exam schools for 7th and 9th grade applicants

FIGURE 4.—This figure shows the average 10th grade math (a) and English (b) MCAS scores
of 7th and 9th grade applicants to Boston exam schools, plotted against school-specific standard-
ized running variables.

seem consistent with the notion that comparisons to the left and right of exam
school admissions cutoffs are indeed a good experiment.

A related threat to validity comes from the possibility that marginal students
switch out of exam schools at an unusually high rate. If school switching is
harmful, excess switching might account for findings showing little in the way of
score gains. As it turns out, however, exam school applicants who clear admis-
sions cutoffs are less likely to switch schools than are traditional BPS students.
Increased persistence in school is especially marked among 7th grade appli-
cants, though this latter increase is due in part to the fact that few exam school
students switch schools in grade 9, when most other BPS students transition to
a new high school.19

High Achievers

To provide additional evidence on effects across quantiles of the applicant
ability distribution, we exploit the fact any single test is necessarily a noisy mea-

19These estimates come from a nonparametric reduced-form analysis similar to that used to
construct the covariate balance and attrition estimates in the Appendix.
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Note: The figures plot baseline peer math scores (LEFT) and 10th grade math scores (RIGHT) for applicants to Boston exam schools against entrance
exam scores relative to school-specific cutoffs.
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Escaping the Elite Illusion in NYC

Baseline Peer Quality, NYC Exam School Applicants168 A. ABDULKADIROĞLU, J. ANGRIST, AND P. PATHAK

(a) Baseline peer math score at NYC exam schools

FIGURE 6.—This figure shows the average peer math score (a) and the proportion of peers
black or Hispanic (b) for NYC exam school applicants, plotted against school-specific standard-
ized running variables.

gains. For example, the nonparametric estimate of the effect on English scores
in the stacked sample is 0�01σ , with a standard error also around 0�01. The few
significant pooled estimates in Table VIII are negative.24

5. PEERS IN EDUCATION PRODUCTION

The reduced-form estimates reported here show remarkably little evidence
of an exam school offer effect on test scores and post-secondary outcomes.
These findings are relevant for policy questions related to exam school ex-
pansion, including contemporary proposals to lower admissions cutoffs and
increase the number of exam school seats.25 At the same time, we are also in-
terested in the general lessons that might emerge from an exam school analysis.

24Appendix B reports additional descriptive statistics, results, and specification checks for New
York.

25Vaznis (2009) discussed efforts to add 6th grade cohorts at Boston exam schools, while
Hernandez (2008) reported on proposals to increase minority representation at New York’s exam
schools. Further afield, Lutton (2012) described a proposed exam school expansion in Chicago.
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Math Scores, NYC Exam School Applicants170 A. ABDULKADIROĞLU, J. ANGRIST, AND P. PATHAK

(a) Regents Advanced Math at NYC exam schools

FIGURE 7.—This figure shows average Regents Advanced Math (a) and English (b) scores for
applicants to NYC exam schools, plotted against school-specific standardized running variables.

What is the exam school treatment? An overall change in school quality
is hard to document or even define, but it is clear that exam school students
gain the opportunity to study with high-achieving peers. The peer achievement
changes documented here emerge at each exam school admissions cutoff. In
other words, each admissions cutoff induces a substantial “peer achievement
experiment,” in spite of the fact that overall exam school admission probabili-
ties jump markedly only at cutoffs for the least selective schools (O’Bryant in
Boston and Brooklyn Tech in New York). Jumps in peer achievement allow
us to identify causal peer effects. Moreover, because the six exam school cut-
offs under consideration intersect the applicant ability distribution over a wide
range, the resulting estimates reflect peer effects for exceptionally high-ability
as well as moderate-ability students.

In addition to manipulating peer achievement, admissions cutoffs induce a
sharp change in racial composition, with large shifts at each cutoff. The exam
school racial mix partly reflects the selective admissions policies that drive peer
achievement: Because white applicants have higher test scores than do non-
whites (in this case, black and Hispanic applicants), the enrolled population is
disproportionately white. Successful exam school applicants therefore receive
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Note: The figures plot baseline peer math scores (LEFT) and Advanced Regents math scores (RIGHT) for applicants to NYC exam schools against
entrance exam scores relative to school-specific cutoffs.
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Peer Racial Composition at Exam Schools

Proportion Black/Hispanic, Boston

(a)  Proportion  Black  or  Hispanic  at  Boston  exam  schools

The parametric estimating equation for applicants in the sharp sample at
school k is

yitk = αtk +
∑
j

δjkdij +(1 −Zik)f0k(rik)+Zikf1k(rik)+ ρkZik +ηitk�(4.1)

where yitk is an outcome variable for student i, observed in year t, who applied
to school k; Zik indicates an offer at school k, and the coefficient of interest is
ρk. Equation (4.1) controls for test year effects at school k, denoted αtk, and for
the full interaction of application cohort and applicant preferences, indicated
by dummies, dij . (These are included for consistency with some of the over-
identified 2SLS models discussed below.)13 The effects of the running variable

13The over-identified 2SLS models discussed in Section 5 use interactions between exam offers
and applicant cohort dummies as additional instruments.
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Proportion Black/Hispanic, NYC

(b)  Proportion  Black  or  Hispanic  at  NYC  exam  schools

Z = 0 Z = 1 Z = 0 Z = 1 Z = 0 Z = 1
(1) (2) (3) (4) (5) (6)

Baseline peer mean in math 0�35 1�60 1�21 1�75 1�58 2�12
Baseline peer mean in English 0�31 1�44 1�21 1�69 1�51 2�08
Proportion black or Hispanic 0�57 0�23 0�39 0�12 0�20 0�05

Proportion qualifying for a free lunch 0�65 0�61 0�60 0�65 0�64 0�68
Proportion female 0�53 0�41 0�52 0�45 0�46 0�43

Average English class size 29�3 31�8 27�1 31�8 31�0 29�1
Average math class size 29�0 31�1 27�8 31�6 30�9 33�0
Proportion of teachers fully licensed 0�96 0�97 0�97 0�97 0�97 0�99
Proportion of teachers highly educated 0�45 0�59 0�51 0�60 0�60 0�64
Proportion of teachers

with less than 3 years experience 0�13 0�07 0�12 0�12 0�10 0�07

aThis table shows descriptive statistics for NYC exam school enrollment compliers to the left (Z = 0) and right
(Z = 1) of admission cutoffs, using data on applicants for admission from 2004–2007. Student-weighted average char-
acteristics are reported for teachers and schools. Fully licensed teachers are those who have Provisional, Initial, or
Professional licenses to teach in their subject(s). Highly educated teachers have Masters or other graduate degrees.
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Agenda

1. Blueprint’s approach to quality measurement

2. Race and the mismeasure of school quality
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Commonly Used School Quality Ratings

Our research on race and school quality focuses on measures that appear on
“school report cards,” distributed through information aggregators like
GreatSchools and real estate sites like Zillow

1. Levels: Point-in-time achievement score averages or the share of students
graded proficient on standardized tests

• Levels ratings may include non-achievement outcomes like high school graduation

2. Progress: Changes in average achievement for newly-enrolled students relative
to scores at a former school, or year-to-year achievement growth

• Progress may be computed using a multivariate regression model to control for
lagged scores

• Many progress ratings convert changes in test scores into student growth percentiles
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Property Values are Higher Where Schools are "Greatest"

Property Values are Greater Where Schools are “Greatest”
(Joshua Then and Now)

Property Values are Greater Where Schools are ”Greatest”
(Joshua Then and Now)
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Levels are Highly Correlated with Race

Highly-rated schools enroll more white, fewer Black and Hispanic students

What explains this?

Possible explanation 1: Causal school quality
• Black and Hispanic students attend worse schools

Possible explanation 2: Selection bias
• Levels ratings reflect student background rather than causal value-added

• A recent Blueprint publication disentangles these explanations for schools in
Denver and New York

14 / 30
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Research Settings

Data
• 6th grade students in Denver (37,000 students in 2013–19 cohorts) and New York
City (185,000 students in 2017–19 cohorts)

Outcomes
• Math and ELA scores on Colorado and New York state achievement tests
• Data on preferences, priorities, and school assignments from centralized
assignment systems:

• DPS students apply to up to five schools, assigned via deferred acceptance
algorithm with single lottery tie-breaker

• NYC students apply to up to 12 academic programs, assigned via DA with multiple
tie-breakers

18 / 30



Research Design and Findings

• We use the random assignment to schools embedded in the Denver and NYC
centralized student assignment algorithms to validate alternative measures of
school quality

• Our findings show that levels ratings are misleading measures of quality; these
reflect student background more than causal value-added.

• Progress ratings are a good guide to quality
• Progress ratings are not not highly correlated with race

• We construct a new and improved quality measure called balanced progress

• Balanced progress is uncorrelated with race by construction
• Balanced progress predicts learning gains as well or better than even progress
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Ratings vs. Race in NYC
26 AER: INSIGHTS MARCH 2024

The average outcome at school ​j​ is given by ​E​[​Y​i​​ | ​D​ij​​  =  1]​​. School attendance
is not randomly assigned, so these average outcomes may be a poor guide to causal 
effects. In particular, for any school ​j​, ​E​[​Y​i​​ | ​D​ij​​  =  1]​  = ​ β​j​​ + E​[​ε​i​​ | ​D​ij​​  =  1]​​, 
which differs from ​βj​ when schools are chosen based on factors that are correlated
with ​εi​.

Schools are also distinguished by the demographic composition of their student 
bodies. Let ​​W​j​​​ denote the share of students enrolled in school ​j​ designated as White—
that is, ​​W​j​​  =  E​[​w​i​​ ∣ ​D​ij​​  =  1]​​, where ​​w​i​​​ indicates student ​i​’s race. Correlation
between share White and school ratings may arise because of a relationship between  

Figure 1. Levels, Progress, and Race

Notes: These binned scatterplots depict average levels and progress ratings conditional on the share of students at 
a school that are White. Bins are defined by 0.1 increments in share White with the last bin grouping schools with
share White  ≥  0.6. The levels rating is the mean share of students deemed proficient in math and ELA, based on
sixth-grade state assessment scores. The progress rating is computed using the student growth percentile models 
described in online Appendix B.1. Ratings are mean zero and scaled to have standard deviation equal to the standard 
deviation of school quality across schools in the district, which equals roughly 0.2 in both cities.

Levels slope coefficient (SE): 0.70(0.03)
Progress slope coefficient (SE): 0.22(0.03)−0.2
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Ratings vs. Race in Denver

26 AER: INSIGHTS MARCH 2024

The average outcome at school ​j​ is given by ​E​[​Y​i​​ | ​D​ij​​  =  1]​​. School attendance 
is not randomly assigned, so these average outcomes may be a poor guide to causal 
effects. In particular, for any school ​j​, ​E​[​Y​i​​ | ​D​ij​​  =  1]​  = ​ β​j​​ + E​[​ε​i​​ | ​D​ij​​  =  1]​​, 
which differs from ​​β​j​​​ when schools are chosen based on factors that are correlated 
with ​​ε​i​​​.

Schools are also distinguished by the demographic composition of their student 
bodies. Let ​​W​j​​​ denote the share of students enrolled in school ​j​ designated as White—
that is, ​​W​j​​  =  E​[​w​i​​ ∣ ​D​ij​​  =  1]​​, where ​​w​i​​​ indicates student ​i​’s race. Correlation 
between share White and school ratings may arise because of a relationship between  

Figure 1. Levels, Progress, and Race

Notes: These binned scatterplots depict average levels and progress ratings conditional on the share of students at 
a school that are White. Bins are defined by 0.1 increments in share White with the last bin grouping schools with 
share White  ≥  0.6. The levels rating is the mean share of students deemed proficient in math and ELA, based on 
sixth-grade state assessment scores. The progress rating is computed using the student growth percentile models 
described in online Appendix B.1. Ratings are mean zero and scaled to have standard deviation equal to the standard 
deviation of school quality across schools in the district, which equals roughly 0.2 in both cities.
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Progress Predicts School Quality Much Better than Levels

Prediction
accuracy ranges
from 0-1
according to how
well ratings
predict school
value-added
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Race-balanced Progress

Race-balanced progress is motivated by two findings:

1. Progress predicts school quality more accurately than levels ratings do

2. Progress is (moderately) racially imbalanced (i.e., correlated with share 
white), while school quality is unrelated to race

These two findings suggest a free lunch: progress can be adjusted to remove
racial imbalance while maintaining or improving predictive accuracy

• Race-balanced progress is the residual from a school-level regression of progress
on share white

• Race-balanced progress predicts school quality as well or better than progress,
and is uncorrelated with share white by construction
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The Benefits of Balanced Progress

This figure plots racial balance against predictive accuracy for alterative school
quality measures
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Learn more in
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Summary

• We use the random assignment embedded in school assignment mechanisms to
validate measures of school quality

• Estimates for Denver and New York indicate that the positive correlation
between school ratings and share white is mostly due to selection bias

• Progress ratings predict school quality better than levels and are much less
correlated with race

• Our balanced progress ratings, which are uncorrelated with race, predict school
quality even better
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Our Work Continues

• We’re exploring these patterns in other districts, with and without centralized
assignment

• A randomized trial in NYC aims to gauge the extent to which improved school
ratings influence school choice
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Questions?
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NYC School

Quality 
Reports

Eric Ashton

Executive Director of School Performance

MIT SQM Conference | March 2026



New York City Public Schools 2024-25 

• 906k students in 1,597 non-charter public K-12 schools
• 75k teachers
• 150k staff total

• 17% English Language Learners
• 22% Students with Disabilities
• 75% Eligible for Free or Reduced Lunch
• 42% Hispanic, 19% Black, 19% Asian, 16% White, 2% Multi-Racial, 1% Native American
• 81% High School Graduation Rate, ~35% College Graduation Rate

2024 NAEP 4th/8th 
Percent Proficient

NYCPS National Public Large Cities

English Language Arts 28% 33% 28%

Mathematics 29% 30% 26%

schools.nyc.gov   |   /nycschools 1

• 148k students in 281 charter K-12 schools



School Quality vs. Selection Bias

For more see: 

https://blueprintlabs.mit.edu/research/race-and-the-mismeasure-of-school-quality/
schools.nyc.gov   |   /nycschools 2



Origins: "Progress Report" Era (2007-2013)

➢ A-F Letter Grades: based heavily on test score 

growth

➢ High Stakes: Led to closures and principal 

bonuses 

➢ Mixed Results: Modest test gains, but 

overwhelming backlash 

➢ The End: Discontinued after 2013 mayoral 

election
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Blueprint Labs partnership

Example: Performance vs. Impact (https://tools.nycenet.edu)

schools.nyc.gov   |   /nycschools

2025 Blueprint validity paper: 
Putting School Surveys to the Test

• Surveys better predict high school graduation
• Value-Added better predicts college attainment

Blueprint Labs has studied school quality for 15 years:
• Developed methods to improve ratings using centralized 

enrollment systems
• Demonstrated that commonly used ratings are racially biased
• Designed new ratings that are more predictive and equitable

4

https://economics.mit.edu/sites/default/files/2025-03/Survey_VAM_March25.pdf


What’s in a School Quality Report

Three domain ratings (1–4)

Based on multiple measures:

• Student achievement (tests, graduation, readiness)

• NYC School Survey (families, teachers, students)

• Expert review (public version paused since the pandemic)

Example: Snapshot ratings from https://tools.nycenet.edu/

schools.nyc.gov   |   /nycschools

Purposes:

• School community can focus improvement 

• Superintendents and central can prioritize schools

• Families can find effective schools to apply to

5



Challenges: 

Principal 
Bonuses

➢The Program: ~$10M per year to principals / 
assistant principals

➢2026 Update: Merit awards restarting based on 
SQR impact 

➢The Challenge: Principals feel rated on factors 
outside their control (funding, facilities, 
transportation, etc…)

➢The Question: Should we use a different model 
for individuals vs. schools?
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Challenges: 

Communicating 
Ratings

➢Past Approach: Letter grades get the most 
attention but can feel like an attack and create 
unintended incentives for test prep.

➢Current Approach: 

➢Question: How does this compare to successes 
and lessons learned from other cities and states?  

schools.nyc.gov   |   /nycschools 7



Challenges: 

Underenrolled 
Schools

schools.nyc.gov   |   /nycschools

➢Enrollment, Economics, and Quality: In 
NYC, schools that are wealthier and have higher 
perceived quality have higher class size and 
building utilization.

➢Class Size Law: In 2022, New York State passed 
a law requiring NYC to cap class sizes at 20-25 
students with a phase-in through 2028. Because 
the schools with higher class size are wealthier, 
this risks moving resources from needier to less 
needy schools. 

➢Question: Could better school quality ratings 
help by encouraging families to enroll in high-
quality but underenrolled “hidden gems?”  
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Agenda 
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3:15 pm – 4:45 pm Training: Principles of Causal School Quality 
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5:00 pm – 6:00 pm The Current Policy Landscape Surrounding School 

Quality Measurement
6:00 pm – 7:30 pm Dinner
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The Current Policy Landscape 
Surrounding School Quality 
Measurement 
Jennifer Bell-Ellwanger

President and CEO, Data Quality Campaign

Pedro Martinez

Commissioner, Massachusetts Department 

of Elementary and Secondary Education

Brandee Tate

Senior Program Officer, Gates Foundation

Dan Weisberg

Former First Deputy Chancellor, New York 

City Public Schools
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School Quality 
Measures Conference
March 13, 2026

WIFI: MIT GUEST

The event begins at 9:00 am  Subscribe to 

our newsletter
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Moving Beyond Test Scores: 
The Role of Surveys and 
More
Peter Hull

Professor of Economics, Brown University

Fatima Djalalova
Predoctoral Researcher, MIT Blueprint Labs

Christopher Wohn

Director of Research Services, Baltimore City Public 

Schools



Putting School Surveys to the Test

Josh Angrist, MIT
Peter Hull, Brown
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Differing Dimensions of School Quality

Districts and parents have long relied on standardized test scores to
measure student proficiency and school performance

School report cards increasingly feature survey-based measures of
school climate and student engagement

Policymakers and families often care about longer-term outcomes:
e.g., do schools boost graduation / college enrollment?

In this research paper, we ask two main questions:

▶ Do the schools that boost test scores also improve survey responses?

▶ How well do effects on test scores / surveys predict longer-run effects?
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Data and Samples

We study NYC middle and high schools

The sample includes 8th grade applicants for high school seats in
2012-16, and 5th grade applicants for middle school seats in 2015

Administrative records cover:

✓ Student demographics, applications, matches, and enrollment

✓ Test scores: Regents math in HS; NY State math and ELA tests in MS

✓ Surveys: individual responses to the annual NYC school survey

✓ Longer-term outcomes: high school graduation and diploma type,
college enrollment and persistence
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NYC’s School Survey

Aims to measure aspects of school climate relevant for learning

✓ “In how many of your classes, this school year, do YOU feel the
following statement is true?...I learn a lot from feedback.”

✓ “How much do YOU agree with the following statements? ...
My classes at this school really make me think critically.”

✓ “How much do YOU agree with the following statements? ...
My teachers treat me with respect.”

We construct a standardized survey composite that averages student
item responses for ∼ 60 items

✓ Alternative survey aggregates produce similar results
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Surveys Differentiate Schools Beyond Test Scores
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Notes: This figure displays school-level correlations between measures of average student achievement and survey responses.



School Effects on Student Outcomes

School j ’s quality is summarized by causal effects (value-added) βk
j

for student outcomes k = test, survey, HS grad, college

✓ E.g.: βcollege
j measures: “How much more likely am I to go to college if

I were to attend school j , compared to the average school?”

Parents and school leaders are mostly interested in longer-term,
consequential outcomes (k = college, HS grad) but may use short-run
measures (k = tests, surveys) to predict these

We estimate value-added βk
j and measure how well test and survey

effects predict college and HS grad effects:

✓ Estimate a value-added model (VAM) for each outcome

✓ Check VAM validity using quasi-random school assignment

✓ Regress long-term outcome VAMs on test VAMs + survey levels
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Surveys Beat Test Scores for High School Graduation

Notes: This table reports regressions of high school graduation value-added on test
value-added and survey levels.



Tests Beat Surveys for Advanced HS Diplomas and College

Notes: This table reports regressions of advanced diploma receipt, college enroll-
ment, and college persistence value-added on test value-added and survey levels.



What’s VAM Worth in Practice?

We next ask: What is the long-term value of different types of school
information for parents choosing schools?

Consider a parent who aims to boost their child’s college-going odds
but only has access to test or survey information

We simulate how providing parents with test and/or survey measures
affects the quality of chosen schools

✓ Choice quality is measured as the gap in value added between the
best-available and chosen school; we call this measure “regret”

Parents choose among borough schools with school quality calibrated
to VAM estimates

✓ Simulations ignore school size constraints and assume parents use
provided info. optimally
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Wrapping Up

Surveys are an enticing alternative to test scores

✓ They seem more valuable for predicting high school graduation than
test score value-added measures

In contrast, test score VAMs beat surveys as predictors of school
effects on college enrollment

✓ Surveys add no information to college predictions given test VAM

College VAM, when available, is the best guide to effective schools

✓ Blueprint Labs’ college VAM measure now appears on the NYC School
Performance Dashboard!

Still to-do:

✓ How do parents and districts value multiple dimensions of school
quality, and what do they know about them?

✓ We plan to examine VAM in other settings and for other measures,
whether from surveys (e.g., “grit”) or not (e.g., suspensions)
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Blueprint College VAM in the Wild



Additional Exhibits



Sample Characteristics

All With risk

(1) (2) 

Demographics

Hispanic 0.433 0.467

Black 0.289 0.275

Asian 0.143 0.146

White 0.126 0.104

Female 0.494 0.504

Free/reduced price lunch 0.786 0.794

Special education 0.189 0.072

English language learner 0.114 0.099

Lagged test scores (std.)

Math -0.090 -0.026

ELA -0.071 0.008

Enrollment

Lottery tie-breaking 0.869 0.926

Screened (non-lottery tie-breaking) 0.131 0.074

Share enrolled where offered 0.660 0.706

On-time graduation and college

High school graduation 0.717 0.759

Advanced diploma 0.212 0.204

College enrollment 0.580 0.608

College persistence 0.365 0.371

Share not offered 0.222 0.106

Students 269,492 77,057

Schools 483 483

Lotteries (schools with risk) 429

Notes: This table describes the high school student sample used to estimate school value-added.



Predicting School Effects on HS Graduation

Notes: This table reports regressions of high school graduation value-added on test
value-added and survey levels.



Predicting School Effects on College Outcomes

Notes: This table reports regressions of college value-added on test value-added
and survey levels.



Predicting School Effects on HS Graduation and College
Enrollment by Subgroup

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12) 

Regressors

Test VAM 0.092 0.044 0.074 0.027 0.097 0.049 0.111 0.065

(0.020) (0.021) (0.020) (0.022) (0.020) (0.021) (0.021) (0.023)

Survey levels 0.101 0.089 0.083 0.076 0.093 0.079 0.109 0.090

(0.014) (0.015) (0.013) (0.015) (0.013) (0.014) (0.016) (0.017)

R-squared 0.065 0.150 0.163 0.056 0.159 0.165 0.078 0.147 0.163 0.091 0.151 0.177

Schools

Regressors

Test VAM 0.112 0.091 0.090 0.076 0.115 0.096 0.106 0.083

(0.019) (0.021) (0.021) (0.024) (0.019) (0.022) (0.020) (0.023)

Survey levels 0.066 0.039 0.045 0.024 0.061 0.031 0.071 0.045

(0.014) (0.015) (0.014) (0.016) (0.013) (0.015) (0.015) (0.017)

R-squared 0.116 0.074 0.138 0.072 0.039 0.082 0.121 0.066 0.135 0.102 0.073 0.127

Schools 450461460 449

Panel B: College enrollment

Panel A: High school graduation

447 433

Black or Hispanic Free/reduced price lunchFemale Below mean lagged math

433446

Notes:This table reports regressions of high school graduation value-added (panel A) and college value-added (panel B) on test
score value-added and survey levels, separately by subgroup.



Baltimore City Public Schools

www.baltimorecityschools.org

Christopher Wohn
Director of Research

Baltimore City Public Schools

CRWohn@bcps.k12.md.us

MIT School Quality Measures Conference

March 13, 2026

Surveys and Accountability 
in Baltimore City Public 

Schools
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2025-26 STUDENT DEMOGRAPHICS

2

2025-26 STUDENT DEMOGRAPHICS

76,841 69.9% 20.1% 7% <=5% <=5%

Total enrollment
African

American
Hispanic/Latino White Asian Multiracial

<=5% <=5% 75.9% 14.5% 14.6%

American Indian Pacific Islander Low income
Students 

with disabilities
Multilingual learner

2
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BALTIMORE CITY PUBLIC SCHOOLS: 

AT A GLANCE
2025-26 SCHOOLS & PROGRAMS

1 40 71 4

Pre-K/K School Elementary Schools Elem/Middle schools Middle Schools

9 24 1 9

Middle/High Schools High Schools Elem/Middle/High School Programs (not schools)

Staff Data

9,823 5,298

Total Staff Teachers

159

Total Schools and Programs
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Use of Surveys for 
Accountability

The Maryland Report Card

•Maryland School Survey for staff 
and students

Operator/Charter Renewal

•5Essentials survey for staff and 
students

•Family survey via Panorama

Lessons Learned

Administration method

Response rate minimums

Survey goals: feedback vs. 
accountability

Reporting and scoring methodology

Special schools and populations

Presentation Overview
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Accountability 
Systems

Maryland 
Report Card 

(ESSA)

Maryland 
School Survey 
for Students

Maryland 
School Survey 

for Staff

Operator 
Renewal

Family Survey 
with 

Panorama

5Essentials 
for Students

5Essentials 
for Staff

Baltimore’s 
Survey and 
Accountability 
Landscape
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2024-25 Maryland Accountability System 

Framework: Elementary, Middle Schools

35%65%

Academic Achievement

School Quality/Student Success

15% Chronic Absenteeism

10% Climate Survey

10%
Opportunities/Access to 
a Well-Rounded 
Education

6

20%

Performance
Composite for English
Language Arts and
Math

Academic Progress

25%
Growth in English
Language Arts and 
Math

10%
Credit for Completion of 
a Well-Rounded 
Curriculum

English Language Proficiency

10%

Performance
Composite for English
Language Arts and
Math

6



School Quality and Student Success: 
Maryland School Survey

7

The Maryland School Survey is 

worth 10 points: 7 from student 

survey, 3 from educator survey.

Results are reported from 1 – 10 

(least to most favorable, see below).

The survey includes 10 topics for 

students, and 11 for educators.

Students in grades 5-11 take the 

survey in the Spring of each year.

Community

Respect for 
Diversity

Participation 
and Engagement

Environment

Behavioral and 
Academic 
Supports

Physical 
Environment

Safety

Physical Safety

Emotional Safety

Bullying

Substance Abuse

Relationships

Student-Student 
Relationships

Staff-Student 
Relationships

Topic Range Benchmark Level and Interpretation

Greater than 9 Most favorable perception of the topic/school

Greater than 5.5 to 9 More favorable perception of the topic/school

Greater than 2 to 5.5 Less favorable perception of the topic/school

Less than or Equal to 2 Least favorable perception of the topic/school



School Quality and Student Success: 
Maryland School Survey
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Topic Name 
Score 

Average 

Respect for Diversity 6.7

Participation and Engagement 6.7

Behavioral and Academic Supports 7.7

Physical Environment 2.8

Staff-student Relationships 7.9

Student-student Relationships 3.1

Bullying 3.4

Emotional Safety 6.2

Physical Safety 2.3

Substance Abuse 8.7

Example survey items available online

https://marylandpublicschools.org/about/pages/dcaa/datacollections/marylandschoolsurvey.aspx
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Operator Renewal Overview

• Assesses the performance of operator-run schools every 3, 5, or 8 years to ensure that our 

portfolio of schools continues to offer high quality educational options to Baltimore City students. 

• Evaluates the efficacy of schools using multiple measures both quantitative and qualitative, 

inclusive of site visits, focus groups, surveys, and evidence provided by operators in their 

applications for renewal.

• Aligns to the Board’s Charter Policy (IHBJ), the Renewal Rubric includes the key areas of 

measurement identified in Board policy. 

o Student Achievement/Academic Success (50% of the weight)

o School Climate

o Financial Management and Governance 
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Click here for an example renewal report

Operator Renewal Metrics

https://files-backend.assets.thrillshare.com/documents/asset/uploaded_file/3843/Bcps/3113030d-c04b-48f0-b7e3-84733120d6d7/335-BIA-Final-Renewal-Report.pdf?disposition=inline


Baltimore City Public Schools

Digital

Qualit y
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The 5Essentials is a research-backed diagnostic 
survey administered to instructional staff and 

students that identifies five indicators - Effective 

Leaders, Collaborative Teachers, Ambitious 
Instruction, Supportive Environment, and 

Involved Families, that lead to improved outcomes 

for all students, including improved attendance, 
graduation rates, 9th grade on track and larger test 

score gains.

“Research shows schools strong on at least 3 of 

the 5 essentials for school improvement were 
10 times more likely to show substantial gains 

in student learning than schools weak on 3 or more 

of the five essentials. A low score in even just 1 
of the 5 essentials reduced the likelihood of 

improvement to less than 10 percent.”

5ESSENTIALS
​STUDENT AND 
INSTRUCTIONAL 
STAFF SURVEY
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5Essentials Survey Scoring
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City Schools’ Spring Family Survey
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1. Overall, how satisfied are you with your child's school?

2. Does your child's school communicate clear expectations for learning?

3. How helpful is communication regarding academic progress from your child's teachers?

4. How welcoming is your child's school to you and your family?

5. Does your child's school believe that all its students have the ability to meet high expectations?

6. How connected is your family to teachers or other staff at your child's school?

7. How well do you feel your child's school is preparing them for their next academic year or college or 

career?

8. How helpful is the extra academic support your child's school provides to students?

9. Did anyone at your child's school ask about your child's learning needs for this school year?

10. Does your child's school provide opportunities for decision-making and advocacy?

Family Composite Score Items
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Measures family satisfaction with their student’s school, as well as other factors such as 

communication, expectations setting, preparation and more. Reflects an average of five annual 

values. If schools do not achieve the required response rate, a score of 50 is imputed for that year.

Family Survey Scoring

Highly Effective Effective Developing Not Effective

School's average satisfaction 

value over the years 2021-

22 through 2024-25 is 

≥ 90%

School's average satisfaction 

value over the years 2021-

22 through 2024-25 is ≥ 80%

School's average satisfaction 

value over the years 2021-

22 through 2024-25 is 

≥ 70%

School's average satisfaction 

value over the years 2021-

22 through 2024-25 is < 70%
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Lessons 
Learned from 
Surveys in 
Accountability
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Administration Methods

Private, user-specific link

More difficult to message

Clarity on who has completed the survey

City Schools Family Survey: Public link with 
verification step

Public link

Easier to share link

Difficult to verify exactly who has completed

For students, consider appropriate age. We 

usually start accountability surveys in 5th

grade but this results in narrow 

administration for elementary schools.

For staff, consider job role. Some questions 

are best suited for educators, others can 

require support staff for more 

comprehensive feedback. 
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Response Rate Minimums

Should student/staff surveys 
have different expectations 

than family surveys?

• We use higher thresholds for 

students and staff in 

accountability (50%) than 

families (10% or at least 50 

responses)

• Family denominator is tough to 

accurately calculate (multiple 

parents, custody, different kids 

in same school)

Should the purpose of a 
survey influence response 

rate minimums?

• Accountability-based surveys 

generally have higher 

expectations than those not 

used for this purpose

• Consider that survey 

administration can occur 

simultaneously with other 

accountability activities, 

including student testing. 

What happens if responses 
are insufficient?

• Reweight accountability 

components

• Penalize schools that do not 

have responses (impute a low 

score or a “zero”)
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Survey Goals

Feedback Accountability

• Respondents can be motivated 

towards positivity (public ratings, 

school closure)

• Staff surveys can begin to 

approximate a self-assessment under 

certain conditions

• Combine accountability questions 

with non-accountability questions
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• Scoring methodology (scales, 

% positive, or categorical 

labels)

• Percentile ranking vs. Absolute 

thresholds

Reporting and 
Scoring

Topic Name 
Score 

Average 

Respect for Diversity 6.7

Participation and Engagement 6.7

Behavioral and Academic Supports 7.7

Physical Environment 2.8

Staff-student Relationships 7.9

Student-student Relationships 3.1

Bullying 3.4

Emotional Safety 6.2

Physical Safety 2.3

Substance Abuse 8.7
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Consider alternative 

weighting of surveys, or 

use different instruments

Special Schools and 
Populations

Consider some type of 

appeals process or 

reconsideration given 

special circumstances



Questions?

Contact
Christopher Wohn

CRWohn@bcps.k12.md.us

Director of Research

Baltimore City Public Schools

Thank You!



JBA JBB JICK ACA ACB ACD

Baltimore City Public Schools does not discriminate in its employment, programs, and activities, based on race, ethnicity , co lor, ancestry, national origin, nationality, religion, sex, sexual orientation, gender, gender identity, gender expression, mari tal status, 

pregnancy or parenting status, family structure, ability (cognitive, social/emotional, and physical) , veteran status, genetic information, age, immigration or citizenship status, socioeconomic status, language, or any other legally  or constitutionally p rotected 

attributes or affiliations, as outlined in Board Policies JBA, JBB, JICK, ACA, ACB, and ACD.
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Angela D. Alvarez, Senior Executive Director - Office of New Initiatives

Joshua I. Civin, Chief Legal Officer

Dr. Joan Dabrowski, Chief Academic Officer
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Tina Hike-Hubbard, Chief of Communications, Engagement, and Enrollment

Theresa D. Jones, Chief Achievement and Accountability Officer

Thomas T. Jones, Chief Information Technology Officer
Emily Nielson, Chief Human Capital Officer

Alison Perkins-Cohen, Chief of Staff

Dr. Lynette Washington, Chief Operating Officer

SENIOR MANAGEMENT TEAM

Robert Salley, Board Chair
Ashiah Parker, Vice Chair

Emily Ames-Messinger

Andrew Coy
Ashley Esposito

Kwame’ Jamal Kenyatta-Bey

Mujahid Muhammad
Amber Scott-Woodruff

Larry Simmons Jr.

Khalilah Slater Harrington
Zayra Chicas-Guzman, Student Commissioner

Yousuf Ahmad, Board Executive Officer

BOARD OF SCHOOL COMMISSIONERS

https://nam12.safelinks.protection.outlook.com/?url=http://go.boarddocs.com/mabe/bcpss/Board.nsf/goto?open%26id%3DASRTES770F38&data=05|01|JMcCraw@bcps.k12.md.us|db12750d36de403c84ac08da27bb9442|065bb2f46fe3414fa910f2886305c814|0|0|637865983958682252|Unknown|TWFpbGZsb3d8eyJWIjoiMC4wLjAwMDAiLCJQIjoiV2luMzIiLCJBTiI6Ik1haWwiLCJXVCI6Mn0%3D|3000|||&sdata=Q8V9F4nZrbirtb1v1AS8kE2GX551OfbmTbogCRshvek%3D&reserved=0
https://nam12.safelinks.protection.outlook.com/?url=http://go.boarddocs.com/mabe/bcpss/Board.nsf/goto?open%26id%3DBBKTY4793F51&data=05|01|JMcCraw@bcps.k12.md.us|db12750d36de403c84ac08da27bb9442|065bb2f46fe3414fa910f2886305c814|0|0|637865983958682252|Unknown|TWFpbGZsb3d8eyJWIjoiMC4wLjAwMDAiLCJQIjoiV2luMzIiLCJBTiI6Ik1haWwiLCJXVCI6Mn0%3D|3000|||&sdata=n309xJY7FcjMNHkGdbFX1ZghghitbY6Sr4KASqXUPcQ%3D&reserved=0
https://nam12.safelinks.protection.outlook.com/?url=http://go.boarddocs.com/mabe/bcpss/Board.nsf/goto?open%26id%3DANJJL24CDE71&data=05|01|JMcCraw@bcps.k12.md.us|db12750d36de403c84ac08da27bb9442|065bb2f46fe3414fa910f2886305c814|0|0|637865983958682252|Unknown|TWFpbGZsb3d8eyJWIjoiMC4wLjAwMDAiLCJQIjoiV2luMzIiLCJBTiI6Ik1haWwiLCJXVCI6Mn0%3D|3000|||&sdata=yVD3pfhHUoYpzBEudhXfcL9JxP%2BmWo4ymM9CpBQqQqE%3D&reserved=0
https://nam12.safelinks.protection.outlook.com/?url=http://go.boarddocs.com/mabe/bcpss/Board.nsf/goto?open%26id%3DACUMEN57AA7A&data=05|01|JMcCraw@bcps.k12.md.us|db12750d36de403c84ac08da27bb9442|065bb2f46fe3414fa910f2886305c814|0|0|637865983958682252|Unknown|TWFpbGZsb3d8eyJWIjoiMC4wLjAwMDAiLCJQIjoiV2luMzIiLCJBTiI6Ik1haWwiLCJXVCI6Mn0%3D|3000|||&sdata=hfMXeLPYGY%2B0sFn8F4fbXOF8YrcplRDlCiZDR60zzUE%3D&reserved=0
https://nam12.safelinks.protection.outlook.com/?url=http://go.boarddocs.com/mabe/bcpss/Board.nsf/goto?open%26id%3D933RPG6EF4D4&data=05|01|JMcCraw@bcps.k12.md.us|db12750d36de403c84ac08da27bb9442|065bb2f46fe3414fa910f2886305c814|0|0|637865983958682252|Unknown|TWFpbGZsb3d8eyJWIjoiMC4wLjAwMDAiLCJQIjoiV2luMzIiLCJBTiI6Ik1haWwiLCJXVCI6Mn0%3D|3000|||&sdata=O7qDB8%2BoX6s9zEAdlmdyzTOeVB623ZaWZMNpc5IaZtg%3D&reserved=0
https://nam12.safelinks.protection.outlook.com/?url=http://go.boarddocs.com/mabe/bcpss/Board.nsf/goto?open%26id%3DAD5K9G4EDD95&data=05|01|JMcCraw@bcps.k12.md.us|db12750d36de403c84ac08da27bb9442|065bb2f46fe3414fa910f2886305c814|0|0|637865983958682252|Unknown|TWFpbGZsb3d8eyJWIjoiMC4wLjAwMDAiLCJQIjoiV2luMzIiLCJBTiI6Ik1haWwiLCJXVCI6Mn0%3D|3000|||&sdata=ch276VhWhxxsqEObHqcOwdkRni4nxQSKT9DxasUjLlw%3D&reserved=0
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Time Session
8:00 am – 9:00 am Breakfast
9:00 am – 9:15 am Welcome
9:15 am – 10:30 am Moving Beyond Test Scores: The Role of Surveys and 

More
10:30 am – 11:00 am Break
11:00 am – 12:00 pm Communicating Multiple Measures of School Quality
12:00 pm –  1:15 pm Lunch
1:15 pm – 2:15 pm Involving Communities and Families in School 

Quality Measurement
2:15 pm – 2:45 pm Closing Plenary: Next Steps and Collaboration 

Opportunities
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Time Session
8:00 am – 9:00 am Breakfast
9:00 am – 9:15 am Welcome
9:15 am – 10:30 am Moving Beyond Test Scores: The Role of Surveys and 

More
10:30 am – 11:00 am Break
11:00 am – 12:00 pm Communicating Multiple Measures of School Quality
12:00 pm –  1:15 pm Lunch
1:15 pm – 2:15 pm Involving Communities and Families in School Quality 

Measurement
2:15 pm – 2:45 pm Closing Plenary: Next Steps and Collaboration 

Opportunities
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Communicating Multiple 
Measures of School Quality
Kevin Shallcross

Data Quality Manager, Chicago Public 
Schools

Pamela Wong

Executive Director, Research, Analytics, 
Assessment, & Data, Denver Public 

Schools



Communicating Multiple 
Measures within Public 

Accountability Reporting

Kevin Shallcross, Data Quality Manager
Chicago Public Schools

March 13, 2026
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Chicago Public Schools: District Figures
School Year 2025-26

Demographics on Student Enrollment CPS

Low Income Students 71.8%
English Learners 27.3%
Students with Disabilities 17.3%

CPS 
Demographics

Race

4.9%
asian

46.4%
latinx 34.3%

black

11.8%
white

1.9%
multi

0.7%
other

630 
Schools 

316,224 
Students Enrolled 



Overview of CPS’s Updated 
Accountability System
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Misc.

189

CPS’s multi-year accountability redesign process

  17,000+
    Stakeholders Engaged to Inform 
Advisory Group Recommendations

City-Wide 
Surveys

12,479

Network 
Liaisons, SLs

200+

CPSEngagement.com

1,000+

CACs, PACs, 
LSCs, SACs, and 

more

2,297

Town Halls and 
Focus Groups

1,114
21,000+ 

Total Stakeholders Engaged 
Throughout the Initiative

From 2019-2023, CPS engaged 21,000+ stakeholders and consulted with 
education experts to reimagine the District’s approach to accountability.
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Key findings from redesign process:
Balancing complexity with accessibility
What We Heard Advisory Group’s Recommendations

Embrace complexity ● Do not produce a single, summative rating
● Use a dashboard approach

Equity is key ● Reflect and support the District’s Equity Framework
● Include community context

Avoid punitive accountability ● Do not rank or produce an overall rating for schools
● Identify where schools need help and provide support

Reciprocal accountability ● Start with District accountability
● Show the connection between school performance and resources from the District

Outcomes AND experiences ● Focus on conditions and supportive learning environments
● Complement above information with outcome data

Coherence and accessibility
● Align and integrate with other District initiatives
● Ensure all information is transparent and understandable
● Clearly explain how data should be interpreted and used
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Evidence of
Student Learning

and Wellbeing

Adult Capacity
and Continuous

Learning

Inclusive and
Collaborative School

And Community

Daily Learning
Experiences

Practice and
Continuous 

Improvement

OUTCOMES
These can be both leading and lagging 
indicators of student academic 
progress, engagement and well being.

RESOURCES
• Funds: Dollars in budget
• Supplies/Products: Curriculum, books, ed-tech tools
• Services: Data systems, consulting, external PD
• Personnel: Position allocations, staffing needs
SUPPORT
• Training
• Professional Learning Opportunities for Growth
• Coaching/Mentorship

CONDITIONS
• Structures: Meetings, schedules, programs
• Culture: Assumptions, values, beliefs
• Practice: How things are delivered/done
• Climate: Feelings and thoughts about the school, 

teaching/learning, etc.

EQUITY

TARGETED UNIVERSALISM

IN
CL

US
IV

E 
PA

RT
NE

RS
HI

PS

Outcome of Redesign Process: 
The Continuous Improvement and 
Data Transparency (CIDT) policy 
and framework

https://www.cps.edu/sites/cps-policy-rules/policies/300/302/302-15/
https://www.cps.edu/sites/cps-policy-rules/policies/300/302/302-15/
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Evidence of Student Learning and Wellbeing: 
Student outcomes

Evidence of
Student Learning

and Wellbeing

Adult Capacity
and Continuous

Learning

Inclusive and
Collaborative 
School and 
Community

Daily Learning
Experiences

Component

Indicators

Metrics

Evidence of Student Learning and Wellbeing

Postsecondary 
SuccessAcademic Progress

Student Growth 
to Proficiency

Student 
Proficiency

Connectedness and 
Wellbeing

Growth on IEP 
Goals

English Learner 
Progress to 
Proficiency

On-Track

Chronic Absence

One-Year 
Dropout Rate

Four-Year Cohort 
Graduation Rate

Early College and 
Career 

Credentials

College 
Enrollment College Persistence
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Daily Learning Experiences:
The quality of a student’s day-to-day experience 

Evidence of
Student Learning

and Wellbeing

Adult Capacity
and Continuous

Learning

Inclusive and
Collaborative 
School and 
Community

Daily Learning
Experiences

Component

Indicators

Daily Learning Experiences

Conditions for 
Learning and the 

Student Experience

High-Quality 
Curriculum Effective Instruction

Interventions and 
Student Support 

Plans

Balanced Assessment 
System

Access to 
Postsecondary 
Opportunities
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Adult Capacity and Continuous Learning:
A positive and inclusive environment for teachers and staff

Evidence of
Student Learning

and Wellbeing

Adult Capacity
and Continuous

Learning

Inclusive and
Collaborative 
School and 
Community

Daily Learning
Experiences

Component

Indicators

Adult Capacity and Continuous Learning

Distributed Leadership 
and Teacher Leader 

Development
Leadership Context

School Vision and 
Continuous Improvement 

Practice

Teachers and Staff 
Capacity
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Inclusive and Collaborative School and Community:
A welcoming and supportive environment for students, families, and the 
community

Evidence of
Student Learning

and Wellbeing

Adult Capacity
and Continuous

Learning

Inclusive and
Collaborative 
School and 
Community

Daily Learning
Experiences

Component

Indicators

Inclusive and Collaborative School and Community

Out of School Time and 
Enrichment 

Opportunities

Healing Centered 
Culture for 

Connectedness and 
Wellbeing

Inclusive and 
Collaborative Structures 

and Involved and 
Engaged Youth

Family, School, and 
Community Partnership 

and Engagement
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Public reporting of accountability measures:
CPS school profile pages

Accountability measures communicated 
on school profile pages alongside:

● Operational information (e.g. school 
schedule, public transit options)

● Admissions process

● District investments (e.g. staff 
funding and capital investments)

https://www.cps.edu/schools/profiles/


Public Reporting: Feedback and 
Learnings
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Feedback: Framework unintuitive for public 
and internal stakeholders

While CIDT framework is useful for organizing policy 
and project management:

● This framework made it difficult to tell a public 
narrative across different measures

● School leaders needed to translate between this 
new framework and their existing Continuous 
Improvement (CI) framework

Evidence of
Student Learning

and Wellbeing

Adult Capacity
and Continuous

Learning

Inclusive and
Collaborative School

And Community

Daily Learning
Experiences

EQUITY

TARGETED UNIVERSALISM

IN
CL

US
IV

E 
PA

RT
NE

RS
HI

PS
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Learning: Find the right framework based on 
use case

Reorganizing public reporting around existing, 
school-based CI framework:

● Leveraged a framework that was already built into 
school operational cadences, and that school 
leaders were used to communicating publicly

● Resonated with many of the most engaged public 
stakeholders due to prior exposure

● Provides an opportunity to further highlight 
specific measures based on how they are 
prioritized in local school CI plans
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Feedback: Users needed to click too many 
times to find desired data

In an effort to prevent information 
overload, CPS over-rotated and 
made reporting too 
compartmentalized.
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Learning: Guide user experience from 
interrelated themes to specific measures

Page navigation starts by 
highlighting relationships and 
connections between 
measures.

Drilling into specific measures 
provides more detailed 
context, interpretations, and 
data.
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Feedback: Content is unengaging

While intended to inform the public 
around new measures, profile pages 
instead became:

● Text-heavy
● Full of jargon
● Disconnected from parents’ needs
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Learning: Tailor content to the user and use 
case

Web pages were redesigned to remove 
barriers to engagement, featuring:

● Publicly accessible language
● Aids to assist with interpreting 

metrics and discussing with schools
● Visually engaging and welcoming 

graphics



Thank You
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Conceptualizing School Quality at 
Denver Public Schools



● About Denver Public Schools
● School Performance Framework
● DPS Strategic Roadmap
● Other Metrics and Looking Ahead

Agenda



About Denver Public 
Schools (DPS)



Every 
Learner 
Thrives

Our 
Mission

Educational equity is our collective 
responsibility. We prepare students 
for career, college and life. We 
create conditions and partnerships 
where students, families and team 
members belong and thrive. 

Our Core Shared Values

Students First • Integrity • Equity • Collaboration • Accountability • Fun

Our 
Vision



Key Facts & Figures
● 89,210 students

○ Ethnicity/Race:
■ 52.1% Hispanic/Latine
■ 24.8% White
■ 13.2% Black/African-American
■ 5.2% Multiracial
■ 3.3% Asian
■ 1.0% Native Hawaiian/Pacific Islander
■ 0.5% American Indian

○ 65.1% Free/Reduced Price Lunch-eligible
○ 27.9% Multilingual Learner
○ 14.6% Students with Disabilities

● Over 9,850 full-time employees
● Over 200 languages spoken by DPS students 

and families
● 198 schools

○ 157 district-run
○ 55 charter

● Over $1.5 billion budget

Denver Public Schools (DPS) 
At-a-Glance

Denver Public Schools is the 
largest school district in 
Colorado, serving 10% of the 
students that live in Colorado.

● Superintendent: Dr. Alex Marrero
● 7-member DPS Board of Education



School Performance 
Framework (SPF)
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● Annual school accountability reports issued by the 
Colorado Department of Education (CDE)

● Goal: Let districts, schools, and their communities 
know how well they are doing

● Primary indicator of school quality across the state 
● Cutpoints are set and growth model looks at 

performance across the state
● Request to Reconsider process
● CDE maintains a dashboard of SPF results 

School Performance Framework 
(SPF)



What is in an SPF Rating?



CDE SPF Reporting



● Green Schools
○ Top rating that a school can earn
○ The most widely known label for 

quality in the state
● Performance Watch - “on the clock”

○ Ratings in the bottom two 
categories

○ Longer on the clock, increased 
scrutiny 

■ Data MINE
■ Elevate Network
■ District and state action

○ Hard to counter narrative

Impact of SPF Ratings



DPS Strategic 
Roadmap



2022-2026 DPS Strategic Roadmap



● Student Experience
○ Improve Grade-Level Achievement 

■ READ, CMAS, CO SAT
○ Improve Post-Pandemic Workforce Readiness

■ Graduation Rate
■ Seal of Biliteracy
■ Work-based Learning & industry 

certifications
● Adult Experience

○ Staffing
○ Family engagement and experience

● System Experience
○ SRM-aligned budgets
○ SRM-connected school-based strategic plans

Strategic Roadmap Progress 
Measures



Other Metrics & 
Looking Ahead



● Districtwide survey 
results

○ Your Voice/Tu Voz 
Student & Family Surveys

● BESS results
● Board Meeting Reports & 

Presentations
● Strategic Regional 

Analysis report

Other School Quality Measures

https://go.boarddocs.com/co/dpsk12/Board.nsf/files/DH6RZH706B84/$file/FINAL_SRA_Strategic%20Regional%20Analysis_Spring%202025.pdf
https://go.boarddocs.com/co/dpsk12/Board.nsf/files/DH6RZH706B84/$file/FINAL_SRA_Strategic%20Regional%20Analysis_Spring%202025.pdf
https://go.boarddocs.com/co/dpsk12/Board.nsf/files/DH6RZH706B84/$file/FINAL_SRA_Strategic%20Regional%20Analysis_Spring%202025.pdf


● Declining enrollment
○ Lower birth rates
○ More exits than entries
○ Influx of new-to-country students has 

dissipated 
● Shifting populations in different parts of the 

city
● Budget cuts
● 2024-2025: 7 schools closed, 3 partially closed

Shifting Landscape



As our context changes, we are considering more 
attributes

● School choice data and enrollment declines 
● Boundary reside data
● Building utilization rates
● Attendance and chronic absenteeism
● Unique programming offerings

○ GT
○ TNLI
○ ECE
○ AN Centers

● After school programming
● Age of buildings, AC, parking, square footage
● Staff turnover and retention
● Populations served

Expanding Definition of School Quality



Pamela Wong

Executive Director, Research, Analytics, Assessment, & Data

pamela_wong@dpsk12.net

Thank you!

mailto:pamela_wong@dpsk12.net


Lunch
The event resumes at 1:15 pm.
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Involving Communities and 
Families in School Quality 
Measurement
Chris Campos

Assistant Professor of Economics and John E. Jeuck Faculty Fellow, University of 
Chicago Booth School of Business



Making School Quality Visible
Evidence from Los Angeles

Christopher Campos — University of Chicago Booth

School Quality Measurement Conference



The Problem What We Did What We Found What It Means

Imagine a mother in East LA choosing between two high schools.

One has higher-performing students walking through the door.
The other actually moves students further.

She picks the first — not because she doesn’t care about quality,
but because peer composition is visible and school effectiveness is not.

1 / 24



The Problem What We Did What We Found What It Means

Do Parents Know What Makes a School Effective?

Every state publishes some kind of school quality data.

But do parents actually understand these measures?

And if they did, would it change the schools they pick?
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Two Ways to Measure a “Good School”

Incoming Achievement

Where students start
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Incoming Achievement

Where students start

Achievement Growth
How much students grow
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The Problem What We Did What We Found What It Means

These Two Measures Are Barely Related

Students start lower,
school adds a lot

Students start higher,
school adds a lot

Students start lower,
school adds little

Students start higher,
school adds little

Incoming Achievement (peer quality)
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These Two Measures Are Barely Related

Students start lower,
school adds a lot

Students start higher,
school adds a lot

Students start lower,
school adds little

Students start higher,
school adds little

Only a weak relationship among these schools

Incoming Achievement (peer quality)
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The Problem What We Did What We Found What It Means

An Experiment in Los Angeles

I ran a large-scale experiment in LA’s Zones of Choice program to test whether
teaching parents the difference changes their school choices and their
children’s outcomes.

• Neighborhood-based school choice for high schools

• 8th graders rank nearby high schools

• Two study rounds: 2019 and 2021

The Setting

∼20,000 8th graders

104 middle schools

90% Hispanic

94% economically disadvantaged

12% of parents college-educated

Students enter high school scoring ∼22%

below the district average

5 / 24



The Problem What We Did What We Found What It Means

Translating the Jargon

Researcher language

Value-added

Peer quality

School effectiveness

→

Parent-friendly language

Achievement Growth

Incoming Achievement

Tested with parents

But language alone is not enough — we also created 2-minute explainer videos
that visually explain both concepts.
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The Problem What We Did What We Found What It Means

Explainer Video: What Parents Saw

▶
2-minute video

Available in English and Spanish

7 / 24

https://youtu.be/AupdiA-Zkew
https://youtu.be/AupdiA-Zkew


The Problem What We Did What We Found What It Means

The Experiment
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The Problem What We Did What We Found What It Means

The Experimental Design

Zone of Choice

School A
High-Reach 70%

AG
info

IA
info

Both Control

School B
Low-Reach 40%

AG
info

IA
info

Both Control

School C
No-Info Comparison

No
information

Schools randomly sorted into three groups. Within schools that received information, individual families randomly assigned to get Achievement
Growth info, Incoming Achievement info, or both.
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The Problem What We Did What We Found What It Means

What Parents Received

A one-page letter, co-branded with LAUSD:

• Listed every school in the family’s zone

• Showed each school’s percentile ranking
(e.g., “this school is in the top 20%”)

• School order randomized in each letter

• Available in English and Spanish

• Linked to the explainer video

Simple enough to read in two minutes.
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What Parents Received

10 / 24



The Problem What We Did What We Found What It Means

What We Found
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Parents Underestimate School Quality

−8 −6 −4 −2 0 2 4 6 8
0

0.05

0.1

0.15
AG mean

50% underestimate
school quality

Misperception (deciles)

Fr
ac

tio
n
of

pa
re
nt
s

Achievement Growth misperception Incoming Achievement misperception

12 / 24



The Problem What We Did What We Found What It Means

Parents Underestimate School Quality

−8 −6 −4 −2 0 2 4 6 8
0

0.05

0.1

0.15
AG meanIA mean

50% underestimate
school quality

Parents overestimate
peer quality

Misperception (deciles)

Fr
ac

tio
n
of

pa
re
nt
s

Achievement Growth misperception Incoming Achievement misperception

12 / 24



The Problem What We Did What We Found What It Means

These Misperceptions Can Change Where Kids Go To School

With misperceptions

Lincoln High

Health & Science Prep

Multilingual Arts H.S.

Eastside STEM Academy

IA: 76th

IA: 74th

IA: 63rd

IA: 58th
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These Misperceptions Can Change Where Kids Go To School

With misperceptions

Lincoln High

Health & Science Prep

Multilingual Arts H.S.

Eastside STEM Academy

IA: 76th

IA: 74th

IA: 63rd

IA: 58th

With accurate beliefs

Eastside STEM Academy1

Multilingual Arts H.S.2

Health & Science Prep3

Lincoln High4

AG: 82nd

AG: 67th

AG: 58th

AG: 50th

The most effective school is ranked #4 by parents — it should be #1

Different ranking → different school → different trajectory
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The Problem What We Did What We Found What It Means

Information Shifts Demand Toward More Effective Schools
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The Problem What We Did What We Found What It Means

No Change in Demand for Peer Quality
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The Problem What We Did What We Found What It Means

Information Spreads Through Parent Communities
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The Problem What We Did What We Found What It Means

Why Social Interactions Matter

72%
of parents talked to other parents during their school search

83%
relied on conversations to interpret and judge the credibility of school data

70%
were more likely to trust district information after discussing it with peers
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The Problem What We Did What We Found What It Means

Better Information → Better Schools → Higher Test Scores

Students enrolled in
higher-growth schools

More effective at improving
student learning

+1 to 2 months
of additional learning

English Language Arts, 2021 cohort
High-reach schools

First evidence that school quality information — not peer quality information — improves achievement.
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The Problem What We Did What We Found What It Means

Schools That Grow Achievement Also Grow Well-Being

0 2 4 6 8 10 12

School Connectedness

Academic Effort

Interpersonal Skills

Happiness

Less Bullying

+3.5%

+5.2%

+5.5%

+6.5%

+9.5%

Improvement (% relative to district mean)

19 / 24



The Problem What We Did What We Found What It Means

A Letter in 8th Grade Changed the College Trajectory

Info letter
School
choice

Better
school

Higher
scores

College

8th grade Application 9th grade 11th grade Enrollment

+3.7 pp
∼7% increase

A one-page letter in 8th grade changed the trajectory

College enrollment rose by 3.7 percentage points — roughly a 7% increase over the pre-program rate. In a cohort of 10,000 students, that is
∼370 more walking onto a college campus.
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The Problem What We Did What We Found What It Means

What This Means for Policy

21 / 24



The Problem What We Did What We Found What It Means

Three Takeaways

1. Families misperceive school effectiveness
Parents confuse high-achieving peers with high-quality teaching

2. Parents value effective schools when they understand the measures
Information shifts demand toward growth, not just levels

3. Information is a community resource, not just an individual one
Reaching 40% of parents was not enough. Reaching 70% was.
Social interactions amplify everything — there is a tipping point.
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The Problem What We Did What We Found What It Means

Four Actions for Leaders

1. Unbundle the Measures
Separate growth from levels on report cards.

2. Lead with Growth
Make growth the headline metric —
not a buried footnote.

3. Invest in Explanation

Short videos, plain language, home languages.
A 2-minute video moved the needle.

4. Design for Communities

Saturate schools and zones — don’t sprinkle
thinly across a district. Reach the tipping point.
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The Problem What We Did What We Found What It Means

That mother in East LA?
After a one-page letter, she picked the school

that moves students further.

She was never indifferent to quality —
she just couldn’t see it.

We know how to measure school quality.
We now know parents will use it.

The bottleneck isn’t data — it’s delivery.
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Thank you!

Christopher.Campos@chicagobooth.edu

1 / 2



Reference

Campos, Christopher (2025). “Social Interactions, Information, and Preferences for Schools: Experimental Evidence from Los
Angeles.” Working Paper.
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Closing Plenary: Next Steps 
and Collaboration 
Opportunities
Eryn Heying

Executive Director, MIT Blueprint Labs



Conference goals
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Foster a strong 
network of 

professionals

Create more equitable and fair 
school quality measures

Increase knowledge 
of research and 
best practices

Strengthen relationships 
between researchers & 

practitioners
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Discussion questions

1. What is one idea or insight from the past two days that challenged or 
shifted your thinking?

2. What is one concrete step you could take in the next 6 months to act 
on these ideas? 

3. What challenges do you foresee in doing that? 



Thank you for attending

Subscribe to our 
newsletter

Fill out the event 
survey
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